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EARLY WARNINGS FOR ALL

The UN Global Early Warning r the Implementation of Climate Adaptation

Executive Action Plan
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“The facts are clear. Early warnings save lives and
deliver vast financial benefits. | urge all
governments, financial institutions and civil
society to support this effort.” — UN Secretary-
General Antonio Guterres

The Action Plan calls for investments of USS$ 3.1
billion over five years — just 50 cents per person

per year — to strengthen disaster risk knowledge
and management, observation and forecasting,

dissemination and communication of warnings,
and preparedness and response capabilities.

It leverages existing pooled funding mechanisms,
such as the Climate Risk and Early Warning

Observations Financing Facility, as well as global
multilateral funds including the Green Climate

New investment required to advance
towards early warnings for all within five years:

USD 3.1 BILLION

*Estimate based on consultations with pillar lead partners

@ USD 374 MILLION*

Pillaf 1: 4"
1 DISASTER RISK;

Pill?r 20 W =
‘_OBSERVATIONS?‘

[ =1

KNOWLEDGE \ % j{ORECASifIN@

4 8 /
&'RESPONSE v

:

PARTNERSHIPS

Figure 1: Budget overview for the four Pillars of the Early Warnings for All Initiative

https://earlywarningsforall.org/site/early-warnings-all/dashboards/early-warnings-all-dashboard
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Societal Impact Statement

The development and implementation of conservation actions that address urgent
threats to biodiversity across the globe require large amounts of historic and current
data. Machine learning approaches offer the tools to process, analyse and interpret
large data sets, giving insights into trends and guiding evidence-based allocation of lim-
ited resources to maximise positive biodiversity outcomes. Here we describe how data
acquired from remote sensing, citizen science and other monitoring approaches could
feed in near-real time into an early waming system for biodiversity that integrates
automated red-listing of species with the identification of priority areas for

conservation.
Summary

Application of machine learning approaches is aiding biodiversity conservation and
research at a time of rapid global change. Two emerging topics and their data require-
ments are presented. First, to identify areas of priority protection for preventing
biodiversity loss, reinforcement learning is used by training models that take into
account human disturbance and climate change under recurrent monitoring schemes.
Second, neural networks are used to approximate classification of species into Red
List categories of the International Union for Conservation of Nature, offering the
possibility of real-time re-classification after events such as widespread fires and
deforestation. We discuss how the identification of areas and species most at risk
could be integrated into an ‘early warning system’ based on climatic monitoring,
remotely sensed land-use changes and near-real time biological and threat data from
citizen science initiatives. Such system would help guide actions to prevent biodiver-
sity loss at the speed required for effective conservation.

KEYWORDS
artificial intelligence, citizen science, climate change, conservation biology, machine learning,
modelling, neural network, warning system
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